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Abstract: To the bird sounds mixed with noises the estimation of noise is done by using the adaptive Bartlett aver—

and noise reduction is made by using multi-band spectral subtraction then the dynamic

feature of Mel+requency spectrum coefficients by two-dimensional discrete cosine transform ( TDMFCC) was extracted.

The comparison experiments of 30 bird sounds classification in different environments under different SNRs were con—

structed based on the combination of SVM classifier and different features

namely MFCC  TDMFCC and MFCC

TDMFCC through ABAP multi-band spectral subtraction respectively. The results showed that the method of TDMFCC

through ABAP multi-band spectral subtraction combined SVM can achieve better classification effect

which is very

suitable for the bird sound classification in noisy environments.
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Tab. 1 Experimental data
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Tab.2 The average classification rates of
different SNRs under different types of noises
1%
MFCC 69.37 65.18 67.46
TDMFCC 73.76 70.60 71.81
ABAP_MSS + MFCC 75.44 71.53 74.69
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